Human
TECHNOLOGY

https://ht.csr-pub.eu Volume 20(3), December 2024, 611-639

THE FUTURE OF ARTIFICIAL INTELLIGENCE:
FEAR, HOPE OR INDIFFERENCE?

Hanna Yarovenko Aleksandra Kuzior
Madrid University of Carlos Ill Silesian University of Technology
Sumy State University Poland
Spain, Ukraine ORCID 0000-0001-9764-5320
ORCID 0000-0002-8760-6835
Tomasz Norek Agnieszka Lopatka
University of Szczecin University of Szczecin
Poland Poland
ORCID 0000-0001-9651-6295 ORCID 0000-0001-9775-640X

Abstract: The article explores how youth perceive the risks of artificial intelligence (Al),
based on a survey of 410 university students from Poland, Spain, and Ukraine. The study
confirms non-random responses with acceptable internal consistency for categorical
variables and complex constructs. The authors built three latent profiles of participants
with pragmatic, skeptical, and cautious attitudes towards Al. The scenario approach
revealed that respondents are cautious about the use of Al but generally support its
implementation under conditions of flexible state regulation. Youth do not see Al as a threat
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INTRODUCTION

Industry 4.0 and 5.0 have caused dynamic and fast-paced development of information and
computer technologies in various spheres of society. This has led not only to the acceleration
in computer capabilities but also to a decrease in computer price and an increase in accessibility
to all population segments. In addition, the use of artificial intelligence (Al) to solve various
economic and business problems is becoming widespread. For example, the market for Al-
based software in 2016 amounted to $8 billion (Lohr, 2016). By June 20, 2024, however, the
Al market was already equal to $184 billion, which is 23 times more than in 2016 (Statista,
2024). At the same time, Statista (2024) predicted its growth to $826 billion in 2030, which is
103.25 times more than in 2016 and 4.5 times more than in 2024. Frank Gens, the chief analyst
of IDC research company, said that everyone is now headed for the moment when Al is
everywhere (Lohr, 2016). This confirms the spectacular growth of the Al market.

Although artificial intelligence has been known since 1956, when John McCarthy coined
the term during the Dartmouth Seminar, some professionals consider the beginning of its active
and powerful phase to be 2022-2024, when scalable language models such as ChatGPT were
developed and implemented (Marr, 2023). Given this activity, concerns are being raised over
any risks from Al for humanity. However, many remain convinced that this problem is far-
fetched. For example, 97% of business owners are optimistic about the use of Al in their
operations and believe that it will contribute to their development, but 43% of them are
concerned about becoming too dependent on Al (Haan & Watts, 2023). In addition, 77% of
employees are concerned that Al could lead to job losses (Haan & Watts, 2023). According to
McKinsey, there is a risk of displacement of 400 million workers due to artificial intelligence
(Manyika & Sneader, 2018). Also, Jeffrey Hinton, the “godfather of artificial intelligence”,
warns about the existence of risks from Al, namely technological unemployment, abuse by
malicious actors, as well as existential risks, when progress in Al can lead to human extinction
(Jacobson et al., 2023).

Automation and the introduction of Al have already affected the existence of certain
professions. For example, robotization has replaced workers in automotive and electronic
production. The introduction of electronic self-service counters has reduced the number of
cashiers in stores and banks. More and more companies prefer to use chatbots instead of
maintaining fully functional call centres. Autonomous vehicles are being introduced in cargo
transportation. Al is also affecting such professions as financial analysts, medical
diagnosticians, and content writers.

Al has been actively used to solve military problems, which, on the one hand, has increased
their efficiency and reduced the cost of their implementation. On the other hand, this has serious
negative consequences for the civilian population, moral principles, and the international
community. We are talking about the risks of making decisions to destroy targets without
human intervention, the use of cyber weapons to hack critical infrastructure, escalation of
conflicts through diplomatic fakes and disinformation, erroneous military actions as a result of
errors in neural network algorithms, etc.

It should also be noted that the use of Al for cybercrime has increased. For example,
diplomatic accounts, fake identities, and voice fraud are used to imitate influential people,
politicians, and businessmen. This technology can also be used to create “dead souls” at
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enterprises to receive monetary rewards. Al algorithms can also influence the functioning of
cryptocurrency exchanges by manipulating prices.

Thus, we can assume that there are risks from the use of Al. Today, it is difficult to predict
what its impacts will be in 20-30 years and how they will be felt by ordinary users. Taking all
this into account, the study focuses on the category of young people aged 18-23 who are
potentially at risk of being exposed to Al in the future. Why was this group chosen? Today,
young people are at the beginning of their future careers. Perhaps their choices now will affect
their future, where there are potential threats from Al due to job loss, change of specialty,
wrong decision-making, cyber threats, etc. Therefore, in this study, the authors tried to answer
the scientific question of how young people perceive the risks of Al. Is it fear, hope, or
indifference?

LITERATURE REVIEW

The driving force behind the development of the modern economy is digital transformation
(Jarzebowski et al., 2024). Their impact is felt by countries regardless of the level of welfare
(Kuzior et al., 2022). As a result, a digital gap is formed, which causes inequality in the
competitiveness of countries and even violates national security (Kolupaieva & Tiesheva,
2023; Zamek & Zakharkina, 2024). That is why the development of technological innovations
is a key aspect of long-term state and business strategies (Gondauri et al., 2024; Strielkowski
etal., 2022). Digital transformation encompasses the adoption of technologies such as artificial
intelligence, the Internet of Things, and big data, which are key to improving operational
efficiency, reducing costs, and ensuring business sustainability in various industries (Tutak &
Brodny, 2024; Sarker, 2022; Zhou, 2024). Bibliometric and network analysis of scientific
publications revealed growing trends in research on Al and its use in various fields over the
past few years (Bilan et al., 2022). At the same time, the greatest attention is paid to the legal,
educational, economic and ethical aspects of Al (Prieto-Gutierrez et al., 2023).

There is a fairly close connection between the level of digitalization and the business
ecosystem, as a result of which conditions favourable for technological growth are formed
(Mursalov et al., 2023). They provide the technological basis for the development of Al, which
in turn enhances the capabilities of additive technologies, allowing them to reduce costs,
increase flexibility and maintain high-quality products (Melnyk et al., 2023). The possibilities
of Al are promising, especially in accumulating new knowledge (Bencsik, 2021). It can predict
economic crises, natural disasters, social conflicts, and bankruptcy of companies to counteract
these threats quickly and effectively (Cherep et al., 2024; Letkovsky et al., 2023). Al is actively
integrated into smart banking technologies: introduction of robot advisors (Piotrowski &
Orzeszko, 2023), fraud recognition (Kozhushko, 2023), modelling of financial markets
(Hrytsenko et al., 2024), cryptocurrency forecasting (Maté et al., 2024), management decision-
making (Haddad, 2021), etc. The introduction of intelligent tutors, virtual assistants, automated
grading systems, chatbots to support students, etc., makes Al attractive for improving online
education (Louw et al., 2024; Skrynnyk et al., 2022). Its application in logistics enables
information alignment and supply flexibility and also improves the digital awareness of users
involved in supply chains (Aliane et al., 2023; Angammana & Jayawardena, 2022; Pereira &
Shafique, 2024).
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Al has not overlooked agriculture. For example, chatbots and chat rooms for management
decision-making in farms are gaining practical significance (Ekanayake & Saputhanthri, 2020).
Also, predictive models based on Al are more productive for big data compared to other
methods (Kolkova & Klju¢nikov, 2022). Combining robotic automated processes with Al
increases labor productivity, lowers production costs, and improves business efficiency
(Orlandi¢ et al., 2024). Artificial intelligence can significantly increase the resilience of the
capital chain of enterprises, especially in times of crisis (Li, 2023). Also, the practices of
applying Al in realizing the benefits of implementing Green HRM are positive (Abid et al.,
2024). Al can automate administrative tasks, provide fast data processing for decision-making,
and detect and prevent corruption risks to promote transparency and accountability of public
institutions (Androniceanu, 2023).

The intensive use of non-renewable resources and broken technological cycles lead to the
destruction of the planet's ecosystems. However, the Al introduction in the transition to
renewable resources and closed cycles can ensure the sustainability of economic activity and
help the successful transformation of the traditional economy into a digital one (Melnyk et al.,
2019). Al can significantly reduce risk in construction by predicting potential hazards and
helping to avoid emergencies through real-time data analysis. At the same time, over-reliance
on Al can lead to neglect of human judgment and unexpected failures if such systems give
inaccurate predictions or become unavailable (Aneke & Oboho, 2024; Elkrghli & Almansour,
2024).

Federspiel et al. (2023) identify that there are three biggest threats from Al: the increased
ability to control and manipulate people, the enhancement and dehumanization of lethal
weapons, and the obsolescence of human labor. Hutter & Hutter (2021) believe that two states
of Al impact can now be considered — the uncontrolled replacement of Al in decision-making
processes, administrative processes and the main processes of production and service
provision, as well as the dismissal of people through full automation. Both conditions can lead
to unemployment, lower wages, increased social inequality, and changes in policies and
standards in favor of pure materialism. Of course, humans want to retain the leading role and
mediate between the biological and technological species (Tugui et al., 2022). But increasingly,
Al affects what we do and how we interact with each other (Tai, 2020). The success of language
models such as ChatGPT is so significant that in the process of communicating with it, one can
get the impression that communication is happening with a real person. But Tredinnick &
Laybats (2023) believe that this kind of experience shows more how to be a person than
technological capabilities. Certainly, one can agree with the authors on this aspect, but Al can
also produce other risks and threats.

Different economic, social and political conditions create the basis for a “brain drain” in
many countries, forcing the government to implement Al to solve the problem of labor shortage
(luga & Socol, 2024). On the one hand, it reduces costs for companies and solves the staffing
problem, but on the other hand, it can worsen the situation when robots make wrong decisions
due to errors in their algorithms. Cramarenco et al. (2023) note that Al affects the professional
skills and well-being of workers, generating the risk of job loss through downskilling.
Although, conditions for retraining and acquisition of new qualifications may be formed at the
same time. The transition to remote work due to the pandemic has led to the introduction of
advanced technologies for communication. Their use decreased the communication level
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between team members and deteriorated the psychological climate in companies (Capolupo et
al., 2022).

Nowadays, the global system for combating cyber threats is rather unstable, which is a
consequence of the different levels of countries' digitization, and creates a favorable
background for the growing use of Al for cybercrime (Kuzmenko et al., 2023). It is especially
relevant in the fields of health care, telemedicine and insurance medicine (Dobrovolska et al.,
2024; Pakhnenko & Pudto, 2023). In these areas, Al carries threats, first of all, related to ethics
and data privacy, as well as increased diagnostic costs (Sheliemina, 2024). This kind of cyber
threat can cause serious business disruptions as well (Havryliuk et al., 2023). The use of Al for
botnet attacks has expanded the capabilities of criminals, ranging from infrastructure attacks to
identity theft and financial fraud (Djenna et al., 2023). In addition, with the help of Al,
cybercriminals can generate more convincing phishing attacks and tailor malware to the
weaknesses of specific systems, which significantly increases security threats.

Thus, we can see the benefits of Al for various aspects of society's life, but we also cannot
overlook and neglect the risks associated with it. That is why this study aims to find out whether
young people perceive Al as a threat, or whether they believe that we will still be able to find
a balance between machines and humans.

DATA

This study was based on data obtained from a survey conducted among students of higher
education institutions. The sample consisted of 410 respondents, of which 38.54% were
students from Ukraine, 34.63% from Poland, and 26.83% from Spain. The data is balanced, as
the standard deviation is 4.87%, which is acceptable and allows for analysis both in general
and with regard to individual groups limited by the country of respondents.

Students were asked three sets of questions. The first set was aimed at studying the
respondents’ personal experiences and attitudes toward artificial intelligence in everyday life.
The questions covered such aspects as the professional orientation of the respondents, the
frequency of using Al in everyday tasks, the level of trust in Al-based systems, personal attitude
to the integration of Al into all spheres of life, assessment of the current level of Al
development, and the respondents’ opinions on whether the development of Al could pose a
threat to humanity.

The second set of questions examined respondents’ views on potential threats associated
with the development of artificial intelligence and their attitudes toward the consequences of
its introduction into the professional sphere and public life. The participants were asked to
assess the most likely threats from Al, the professions that, in their opinion, are at the greatest
risk of automation, their personal vision of the risk of losing their jobs due to the introduction
of Al in their future profession, and their general attitude to whether automation will contribute
to an increase in unemployment in the next 20-30 years. Particular attention was paid to the
social implications, such as the possibility of deepening social inequality due to the
development of Al, as well as professional skills that can help to preserve jobs in the face of
rapid technological progress. The block also touched upon moral and ethical issues: whether
Al is capable of making moral decisions on its own, whether respondents are willing to entrust
robots with decision-making in critical situations, and whether they think Al can surpass human
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intelligence and creativity in the future. The study also covered assumptions about the
possibility of robots developing self-awareness, the risks of “machine revolt” similar to science
fiction, and the threat of cybercrime.

The third set of questions was aimed at studying respondents’ attitudes toward
responsibility, regulation, and social support in connection with the development of artificial
intelligence. In particular, respondents were asked who, in their opinion, should be responsible
for possible negative consequences of Al use and whether they consider it necessary to control
the development of Al at the legislative level. The role of governments in regulating the
development and use of Al was raised, as well as the feasibility of retraining programs to
prevent mass unemployment caused by automation. In addition, the views on the introduction
of a universal basic income to support those who will lose their jobs due to automation and the
assessment of humanity’s readiness for the ethical challenges associated with the development
and implementation of Al technologies were considered.

METHODOLOGY

The research methodology included three main stages and one preliminary stage, which
involved bringing the data to the form required for further calculations and analysis.

The purpose of the first stage was to analyze the existence and strength of the relationship
between two categorical variables, in our case, questions with answers, which allowed us to
select the key ones for the formation of latent profiles. The Chi-squared test and Cramer’s V
coefficient were used for the analysis. The Chi-squared test helps to determine whether there
is a statistically significant relationship between two variables and to answer the question of
whether the survey results are random. The test was conducted by calculating the classic Chi-
square value and p-value (Pearson, 1900). The Cramer’s V coefficient helps determine the
strength of the relationship between categorical variables. It was also calculated using the
classical formula (Cramér, 1999). Also, Cronbach's alpha coefficient was used to assess the
reliability (internal consistency) of the set of questions (Chen et al., 2024). It helps to determine
the extent to which responses to different questions are consistent with each other, that is,
whether they measure the same characteristic or construct. To apply this coefficient, the
answers were re-indexed to a scale from 1 to 3. “3” was given to those answers that characterize
full acceptance of Al and trust in it in all aspects of its manifestation; “2” to those that
symbolize a cautious or balanced attitude towards Al and potential trust in it in some aspects;
“1” to those that characterize distrust, rejection, and skepticism towards Al

The second stage of the research methodology was devoted to Latent Class Analysis
(LCA), which allows us to identify hidden (latent) groups based on similarities in respondents’
answers. Such classes best explain their variability and help to understand what types of
respondents exist in the sample and what common features or behavioral patterns unite them.
LCA is effective for categorical data, which formed the basis of this study. It was carried out
using the following algorithm:

1. First, One-Hot Encoding of input variables was performed, which converts each
categorical variable X; (question with answers) into binary vectors (0, ...,1, ... 0) of indicator

variables Xl.("), where k corresponds to the number of categories for X;, and a unit in the vector
indicates a category correspondence.
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2. Next, an optimal number of latent classes was determined using the Akaike information
criterion (AIC) and Bayesian information criterion (BIC) (Akaike, 1974; Schwarz, 1978). As
a result, the number of latent classes for which the AIC and BIC are minimal was chosen.

3. A latent class model was built. First, the probability that a respondent belonging to latent
class c, has certain X answers was determined:

Pl =0y =] [PexiL =0, ®

where P(X;|L = c) is the probability of each answer X; provided that the respondent belongs
to the latent class c, where ¢ = 1, C, and C is the total number of latent classes that need to be
identified; L is a latent variable that indicates whether the i™ respondent belongs to one of the
latent classes; X is a set of answers for the class c, where X = (X3, X5, ..., X;n).

Next, we determined the probability V of all observed data X for a certain number of latent
classes C:

n C
V= HZP(L = O)PK|L = ©), @)

j=1c=1

where P(L = c) is the probability of belonging to class c, and P(Xj|L = c) is the probability
of specific answers X; for class c.

Next, the optimization was performed using an EM algorithm to estimate the parameters
P(L =c)rtaP(X;|L = c).

4. After setting up the LCA model, the probabilities of respondents’ answers belonging to
each class were determined:

P(L=c)P(Xj|L=c)

P(L =cl|x;) = ¢, PL=k)P(X|L=k)’ o

5. For each latent class, the average values of the answers of respondents belonging to it
were calculated. Thus, a latent profile was formed for each class, which reflects which answers
are typical for it.

At the third stage, scenario models were built based on the respondents’ answers, which
describe how events may develop depending on the respondents’ views. Subsequently, they
can be used to create forecasts, justify strategies, develop recommendations, and make
management decisions. The scenario approach involved the following steps.

1. To create profiles of different scenarios, categorical answers were recoded into
numerical values in the same way as for Cronbach's alpha coefficient calculation.

2. Five key areas of the scenario study were selected: attitudes toward Al, risks and threats
associated with the development of Al, risks of unemployment and social inequality due to Al,
regulation of Al, and expectations of Al capabilities in the future. For each key area, three
baseline scenarios were formed, for which indicators were calculated using formulas (4)-(6):
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A =237 (x,3); €= X3, v (%), 2); Dy = Yoo v (x5, 1), (4)-(6)

where A4;, C;, D; is the number of answers of the i"" respondent with a value of 3, which reflects
acceptance and trust (4), 2 —caution (C), and 1 —skepticism and distrust (D); x;; is each answer
for the i respondent to the j™ question; y(a,b) = 1,ifa = b, and 0, if a # b.

3. For each i respondent a vector of indicators was built v; = (4;, C;, D;), which reflects
its attitude to Al in the form of scenario indicators.

4. Respondents were grouped by scenarios using the classic k-means clustering method.
The results were stored as scenario clusters for each respondent.

5. For each respondent, the dominant scenario was determined, i.e. the scenario with the
maximum value among the indicators 4;, C;, D;:

a _
5 = a7 15 0

6. For each scenario, the total number of respondents was determined based on the
dominant scenario identified for them.
The proposed methodology was implemented using the Python programming language.

EMPIRICAL RESULTS

At the first stage of the proposed methodology, the implementation of the Chi-square test
allowed us to build 253 pairs of combinations of survey questions, of which 135 pairs were
statistically significant, i.e., those with a p — value < 0.05. That is, respondents in most cases
did not answer questions randomly and a certain relationship can be traced between them. The
calculation of Kramer’s coefficient allowed us to select those pairs of questions for which the
relationship is the closest, although its value varies between weak and medium. Table 1 shows
the final results for both calculations.

Table 1 includes those pairs of questions for which Cramer’s V exceeds 0.2, which
indicates a weak or closer to average relationship. Although we did not get high enough values
of Cramer’s V to indicate a strong relationship between pairs of questions, the result is
acceptable in a data set with only categorical values. Let’s analyze the pairs with the closest
relationship, which are highlighted in grey.

The results show that the frequency of Al use is characterized by cross-country differences,
i.e. students from different countries have different access to and awareness of technologies
(Q1-Q2, Table 1). The respondents also showed different opinions on the legislative control of
Al, which is influenced by the specifics of technology regulation in different countries (Q1-
Q13, Table 1). The correlation between questions Q2 and Q3 (Table 1) shows that respondents
who use Al more often in their daily lives show more trust in it than those who do not use such
software. Pairing Q4 and Q6 (Table 1) indicates that those who believe that Al can be a threat
to human development are also concerned about its impact on the labor market in the future.
This category of respondents is also concerned about the growth of social inequality that
technology may cause (Q4-Q7, Table 1) and is more supportive of the need for legislative
control (Q4-Q13, Table 1).
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Table 1. Results of the Chi-squared test and Cramer’s V [Source: calculated by the authors]

Var 1 Var Chi- P- Cramer’s Var 1 Var 2 Chi- P- Cramer’s
2 squared  value V squared  value V

Q1™ Q2 67.3852 0.0000 0.2645 Q7 Q13 60.1861 0.0000 0.2040
Q1 Q16 56.8154 0.0000 0.2439 Q7 Q14 69.6161 0.0000 0.2220
Q1 Q4 43.0885 0.0000 0.2126 Q8 Q10 61.6686 0.0000 0.2069
Q1 Q13 57.6858 0.0000 0.2510 Q8 Q11 105.3618 0.0000 0.2799
Q2 Q3 113.3108 0.0000 0.2827 Q9 Q11 61.2926 0.0000 0.2061
Q3 Q17 73.3709 0.0000 0.2287 Q9 Q19 38.8926 0.0000 0.2002

Q4 Q6 104.4343 0.0000  0.2785 Q10 Q11  77.7532  0.0000  0.2364
Q4 Q7 955618  0.0000  0.2652 Q11 Q19  51.6585  0.0000  0.2359
Q4 Q12 749488  0.0000  0.2262 Q12 Q14 724855  0.0000  0.2217
Q4 Q13 875270  0.0000  0.2526 Q12 Q15 889311  0.0000  0.2500
Q4 Q14 81.8145  0.0000  0.2433 Q13 Q14  216.6449 0.0000  0.4109
Q4 Q15 62.1806  0.0000  0.2079 Q13 Q15 633105 0.0000  0.2101
Q4 Q18 69.1126  0.0000  0.2210 Q13 Q18 755729  0.0000  0.2326
Q5 Q6  73.6447  0.0000  0.2238 Q14 Q15  81.4872  0.0000  0.2427
Q6 Q7 654824 00000  0.2142 Q15 Q18 609923  0.0000  0.2056

Q7 Q12 71.4638 0.0000 0.2198 X X X X X

Note. * The grey color corresponds to question pairs with a Cramer’s V of approximately 0.3, equivalent to an
average connection. **Q1 — In which country do you study? Q2 — How often do you use Al in your everyday
life? Q3 — Do you trust Al systems used in everyday life? Q4 — Do you think that the development of Al poses
a threat to humanity? Q5 — How do you assess the risk of job loss for yourself due to the Al implementation in
your future profession? Q6 — Do you think automation and Al will increase unemployment in the next 20-30
years? Q7 — Are you concerned about the possibility that the development of Al could lead to a deepening of
social inequality? Q8 — Do you think Al will be able to make moral decisions on its own? Q9 — Do you think Al
can surpass human intelligence in the next 20-30 years or later? Q10 — In your opinion, will Al be able to surpass
human creativity in the future? Q11 — Do you think robots could become self-aware in the future? Q12 — Do you
believe there is a risk associated with using Al in cyber fraud, such as manipulating images to impersonate
individuals? Q13 — Is it necessary to control the development of Al at the legislative level? Q14 — How would
you rate the role of governments in regulating the development and use of Al? Q15 — Do you think governments
should implement reskilling programs to prevent mass unemployment due to automation? Q16 — How do you
evaluate the level of development of modern Al? Q17 — How do you feel about integrating Al into all areas of
human life? Q18 — Do you think humanity is sufficiently prepared for the ethical challenges associated with the
development of Al? Q19 — Do you think there is a risk of machine rebellion as described in movies or books?

Students who believe in the ability of Al to make independent moral decisions that affect
human health and life are more likely to admit that Al can achieve self-awareness and pose a
threat in the future (Q8-Q11, Table 1). In other words, respondents do not dismiss the risk that
Al decision-making processes may lead to Al becoming equal to human consciousness. The
high correlation between pairs Q13-Q14 (Table 1) indicates that respondents who consider the
introduction of legislative control of Al to be an important task also have a more positive
assessment of the role of governments in regulating this issue. This indicates that respondents
tend to rely on the state to resolve issues related to the development of computer technologies.
The connection between questions Q12-Q15 (Table 1) may indicate a broader understanding
of the risks of Al, both in terms of its use for criminal purposes and economic consequences.
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Respondents who are concerned about Al risks are also more likely to support active
government intervention to mitigate the negative consequences.

Also, it was determined that Cronbach's reliability coefficient is equal to 0.672 for the set
of questions selected due to applying the Chi-squared test and calculating the Kramer
coefficient. According to generally accepted recommendations, values between 0.6 and 0.7 are
considered satisfactory, confirming our instrument's internal consistency. Although we tried to
optimize the scale, in particular, revising the questions, changing the wording and clarifying
the instructions for the respondents did not lead to a significant increase in the coefficient. This
may be due to the high complexity of the measured construct, which includes various aspects
that are difficult to accurately measure with a single instrument. Since in our context, the value
of 0.672 is acceptable, we consider it sufficient for the analysis.

In the second stage, “latent profiles” of respondents with similar sets of answers were
formed. Their number was justified using the calculated Akaike Information Criteria (AIC) and
Bayesian Information Criteria (BIC) (Figure 1). It turned out that the lowest BIC value is
achieved for three latent classes, and the lowest AIC value is achieved for five. It was decided
to form three “latent profiles” based on the results of the BIS, as such models provide better
interpretability, long-term reliability, cost-effectiveness, and sustainability.

30000 A o— AIC

BIC
29750 A

29500

Criterion Value
[ ] N
o o
(=] %]
(=] w
o o

28750 A

28500

28250 A

T T T T T T T T T
1.0 1.5 2.0 2.5 3.0 3.5 4.0 4.5 5.0
Number of Classes

Figure 1. Determining the number of latent classes using criteria AIC and BIC.
[Source: calculated by the authors]

As a result, the following distribution of respondents by the three latent profiles was
obtained (Figure 2).
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175 4

150 +

0 1 2
Latent Class

Figure 2. Distribution of respondents by latent classes. [Source: calculated by the authors]

Class 0 includes 46.3415% of respondents, class 2 - 33.9024%, and class 1 - 19.7561%.
The result of the distribution is relatively standard. Its standard deviation is 10.8609%. This
indicates that the answers are distributed significantly around the mean value with significant
variations. The distribution shows skewness with a higher concentration in the 0" class,
indicating a large group of respondents who are likely to have similar answers. At the same
time, the standard deviation indicates a significant variation in the respondents’ answers, which
means that although the majority is in the same class, there are still significant fluctuations
between classes, indicating a polarization of views.

The latent profile of class 0 (Figure 3) demonstrates answers with a probability of
approximately 0.5 or higher. It can be identified as a balanced and pragmatic view of Al. This
group was formed mainly by students from Ukraine and Poland. The probability of falling into
this profile is close to the average, i.e., 0.4474 and 0.4053, respectively. In general, we can say
that respondents of this class, on the one hand, recognize the potential and capabilities of Al,
and on the other hand, are wary of possible negative consequences and social threats that may
arise from its implementation and development.
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In which country do you study?_Poland
in which country do you study?_Ukraine
Do you trust Al systems used in everyday life? es, but with caution

How do you feel about integrating Al into all areas of human life7_Be careful, this can have negative consequences -

How do you evaluate the level of development of modern AI?_High -
Do you think that the development of Al poses a threat to humanity?_Perhaps, but the threat is exaggerated
How do you assess the risk of job loss for yourself due to the Al implementation in your future profession?_Average 4
Do you think automation and A will increase unemployment in the next 20-30 years?_Maybe, but for a short time - 06684
Are you concemed about the possibility that the development of Al could lead to a deepening of social inequality?_Perhaps, but it is not the main threat - 05789

Do you think Al will be able to make moral decisions on its ewn?_Perhaps, but only with limitations 3

Questions

Do you think Al can surpass human intelligence in the next 20-30 years or later?_Maybe, but unlikely - 05347
Do you think there is a risk of machine rebellion as described in movies or books?_No, it's just fiction - 05526
Do you believe there is a risk associated with using Al in cyber fraud, such as manipulating images to impersonate individuals?_Yes, there is a significant risk 4
Is it necessary to contral the development of Al at the legislative level?_Yes, but without excessive restrictions - 07000
How wuld you rate the role of govemments in requlating the development and use of AI?_Important, but cantrol must be balanced - 07211
De you think humanity is sufficiently prepared for the ethical challenges associated with the development of AI?_Partially, but more discussions and legislative initiatives are needed - 07835 05

in your opinion, will Al be able to surpass human creativity in the future?_Perhaps, but human creativity will rer

unique - 05737
Da you think robots could become seff-aware in the future?_Perhaps, but it s difficult to predict 06316
Da you think gevernments should implement reskilling programs ta prevent mass unemployment due ta automation?_Perhaps, but it should be the initiative of the employees themselves - 05632
0
Mean Response

Figure 3. Probabilistic characterization of the 0" latent profile. [Source: calculated by the authors]

The majority of respondents demonstrated a high level of cautious attitude toward Al in
everyday life (0.9105), which may indicate a high level of awareness of the risks of its use.
This category also understands that although the development of technology is quite high
(0.5632), it can have unpredictable or even dangerous consequences (0.6211). On the other
hand, they believe that the level of impact of Al development on humanity is exaggerated
(0.8053). Respondents showed a significant level of concern about cyber threats from Al
(0.5053), but they do not consider it a major threat that could lead to deepening social inequality
(0.5789). Moreover, they are not convinced of the possibility of a “machine uprising,” which
indicates a pragmatic approach to the future of Al (0.5526). Respondents believe that Al will
probably not be able to surpass human creativity or intelligence because they are unique
(0.5737), but can be useful in certain areas. The answers to the questions about whether Al can
surpass human intelligence (0.5947), achieve self-awareness (0.6316), or make moral decisions
(0.4842) show uncertainty and caution in the respondents’ views. They tend to believe that it
is possible but unlikely or difficult to predict.

Regarding risks in the professional sphere, only 49.4737% estimate their job loss due to
Al and automation at the average level, which indicates a slight concern, although they are
aware of possible changes in the future. A sufficient number of respondents believe that an
increase in unemployment in the future due to Al is possible but temporary (0.6684). They
support the idea of retraining and adapting the workforce to new conditions but believe that
this should be an initiative of the employees themselves (0.5632). Respondents noted that we
are partially prepared for the ethical challenges associated with Al, so there is a need for
relevant discussions and legislative regulation (0.7895). At the same time, government control
over the development and implementation of Al technologies should still be balanced (0.7211).
Also, there should be no excessive restrictions at the legislative level so as not to hinder the
scientific and technological process (0.7000).

This latent profile characterizes a group of people who understand the benefits and
potential of Al, but they demonstrate a pragmatic view of the likelihood of threats from Al self-
awareness, decision-making, or insurgency. Respondents in this class are aware of potential
risks from cyber threats, social inequality, or ethical behavior but do not overestimate them.
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They support reasonable government control over the development of technology and
adaptation to changes in the labor market. All of this indicates that respondents want Al to
become a useful tool for humanity, but subject to certain ethical standards and legal restrictions.

Figure 4 shows the latent profile of the 1% class, which reflects the most significant answers
to the question (probability approximately equal to or greater than 0.5). Its respondents are
characterized by a rather skeptical view of Al risks with elements of caution and trust. This
group is the smallest of all, with students from Ukraine forming the majority (0.6420).

In which country da you study?_Ukraine - 0.6420
Do you trust Al systems used in everyday life?_Yes, but with caution 0.7407
- 070
How do you evaluate the level of development of modern Al?_Average 05062
Do you think that the development of Al poses a threat to humanity?_Perhaps, but the threat is exaggerated - 0.6043

Do you think Al will be able to make moral decisions on its own?_No, decisions should be left to the individual - 0.6296

Do you think there is a risk of machine rebellion as described in movies or books?_No, it's just fiction - 0.6420

- 0.60

Questions

Do you believe there is a risk associated with using Al in cyber fraud, such as manipulating images to impersonate individuals?_Yes, there is a significant risk 4

Is it necessary to control the development of Al at the legislative level?_tes, but without excessive restrictions 0.4938
How would you rate the role of governments in regulating the development and use of Al7_lmportant, but control must be balanced 0.4691 - 055

Do you think humanity is sufficiently prepared for the ethical challenges associated with the development of AI?_No, we are not ready enough for such challenges - 05432
I :

Most respondents are cautious about using Al in everyday life (0.7407). This indicates that
they are aware of the potential risks and the need to control the use of Al for ordinary users.
This behavior is also confirmed by the answer to the question about the possibility of moral
decision-making by Al. Students chose the option that only humans should reserve this right
(0.6296). The respondents of this group assess the level of modern Al development as average
(0.5062). This result may indicate that respondents perceive technological development as
incapable of affecting their lives, so it cannot be dangerous enough for humanity. Accordingly,
60.4938% believe that the threats posed by Al to humanity are exaggerated. That is,
respondents are cautious about Al and do not see serious risks to society.

The respondents of this latent class demonstrated a skeptical attitude toward the ideas of
“machine revolt” (0.6420) and robots gaining self-awareness (0.5679). They consider such
scenarios to be fantastic and unlikely, which reflects a lack of confidence in the possibility of
a real machine revolt or Al reaching the level of human self-awareness. Respondents’
skepticism is also manifested in the fact that Al will not be able to surpass human creativity
(0.5309). They are convinced that Al cannot compete with humans in creative aspects due to
limitations in algorithms.

Nevertheless, respondents demonstrated a certain level of concern about the potential of
Al to commit cybercrime (51.8519% consider this risk to be significant). This is most likely
due to the current level of cyber threats and the awareness of the growing danger of such risks
in the future. Respondents in this group support balanced state regulation of the development

In your opinion, will Al be able to surpass human creativity in the future?_No, Al will not be able ta surpass human creativity 4

Do you think robots could became self-aware in the future?_No, self-awareness belongs only to human — 05679

1
Mean Response

Figure 4. Probabilistic characterization of the 1% latent profile. [Source: calculated by the authors]
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and use of Al technologies (0.4691), although opinions are not unambiguous, which indicates
a difference in views on this issue. They also believe that it is necessary to form legal
mechanisms to control the activities of Al developers, although they also demonstrate their
balance, as they choose the option of control without excessive restrictions (0.4938). 54.3210%
doubt that humanity is sufficiently prepared for the ethical challenges posed by Al. This may
indicate that they are aware of the need to develop and implement ethical standards for the use
of Al.

In general, this latent profile demonstrates a skeptical attitude toward Al threats, albeit
with elements of personal caution. Respondents believe that the risks of Al’s impact on
humanity are overestimated, as the level of its development is not sufficient for this. Also, Al
will not acquire self-awareness and creativity, and make decisions instead of humans, and its
use will not lead to a robot uprising. It should be noted that the respondents in this group do
not perceive professional risks in the future. They consider them low for themselves
(41.9753%). In this regard, they are more inclined to believe that Al will create new jobs
(37.0370%) or that it will lead to unemployment for a short period of time (32.0988%). The
respondents’ views on legal and governmental control and regulation are fairly balanced.

The results of the Class 2 latent profile are shown in Figure 5, which includes responses
with a probability of approximately 0.50 or higher. Respondents in this class are characterized
by a cautious attitude toward Al and a high level of risk anxiety. With a probability of
53.9568%, this behavior is typical of Spanish students and with a probability of 30.9353% - of
Polish students (not included in Figure 5).

In everyday life, respondents of this class trust Al with caution (0.7986). They also warn
about the negative consequences of integrating Al into various spheres of life (0.6691). This
means that they recognize the high potential of the technology and rate the development of Al
at a high level (0.5755), but feel the need to introduce stricter controls and restrictions to
prevent its abuse. Respondents believe that the development of Al can be a real threat to
humanity (0.5108). Although this value is not very high, which indicates some uncertainty,
there are a sufficient number of people who consider this risk to be significant.

In which country do you study?_Spain 05396
Do you trust Al systems used in everyday life?_Yes, but with caution 0.7986
- 0.75

How da you feel about integrating Al into all areas of human life?_Be careful. this can have negative consequences -

How do you evaluate the level of development of modern Al?_High - 0.5755

Do you think that the development of Al poses a threat to humanity?_Yes, this is a real threat 05108

How da you assess the risk of job loss for yourself due to the Al implementation in your future profession?_Average -

Da you think automation and Al will increase unemployment in the next 20-30 years?_Yes, it will be a big problem - 0.5971 - 065

Are you concemed about the passibility that the development of Al could lead to a deepening of social inequality?_Perhaps, but it is not the main threat 04532

Questions

Are you concerned about the possibility that the develapment of Al could lead to a deepening of social inequality?_Yes, this is a serious problem 04532

Do you think Al can surpass human intelligence in the next 20-30 years or later?_Yes, it is likely

Do you believe there is a risk assaciated with using Al in cyber fraud, such as manipulating images to impersonate individuals?_Yes, there is a significant risk

Is it necessary to control the development of Al at the legislative level?_Yes, strict contral is needed

D youthink humanity i sufficentyprepare o the ehical challnges assocated with the develapmen of A?_No,we arenot ready enaugh frsuch challenges “

Do you think gavernments should implement reskilling programs to prevent mass unemployment due to automation?_Yes, it is necessary - 06547

How would you rate the role of governments in regulating the development and use of Al7_Very important, strict control is required - 05468 I
0.50

2
Mean Response

Figure 5. Probabilistic characterization of the 2" latent profile. [Source: calculated by the authors]
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This group includes respondents who are moderately confident that Al will deepen social
inequality (0.4532) and those who do not consider Al to be a major threat to social inequality
compared to other aspects (0.4532). At the same time, the probabilities of forming these points
of view are the same. This suggests that respondents recognize potential future threats of Al to
their social well-being, although this is likely to depend on a number of reasons other than Al.

More worrisome is the issue of automation and its impact on the labor market. Respondents
believe that this could become a serious problem in the coming decades, particularly for low-
skilled workers (0.5971). At the same time, they assess the risk of losing their jobs as a medium,
which shows that they are aware of the real challenges, but without strong anxiety (0.5180).
Students agree that in the future retraining of workers is necessary to prevent mass
unemployment due to automation (0.6547), which indicates the importance of developing IT
specialties at all levels of the educational process.

Respondents believe it is likely that Al may surpass human intelligence in the future,
although this is not a convincing majority (0.5252). This indicates a sufficient cluster of people
who fear that Al can replace humans in various spheres of life. Students also give a high rating
to the risk of Al being used for cybercrime (e.g., image manipulation for deception) (0.7986),
indicating that they recognize the existence of significant threats to personal security and
privacy.

Respondents in this latent group strongly support the idea of strict control over Al
development at the legislative level (0.7986), which only confirms previous findings about
their concern about potential negative consequences and cautious attitude towards Al in
everyday life. They prefer strong government control over the development and use of Al
(0.5467), which indicates the need for clear laws and standards. It should be noted that the
opinion of this group may have been influenced by the cultural characteristics of their country
(Spain), which is characterized by a high level of the rule of law. The respondents are quite
categorical on the issue that humanity is not ready for the ethical challenges associated with
the development of Al (0.4892), although this group is not the overwhelming majority. This
fact further emphasizes the need for further discussions and initiatives by governments to
address ethical issues.

The second latent profile characterizes a group of people with a cautious attitude to Al
development and a high level of concern about professional, social, and ethical risks. They rate
them quite highly and, accordingly, consider it necessary to introduce strict control at the
legislative level, regulate these issues by the state, and create conditions for retraining
employees in the context of total automation.

Based on the results of the survey, the third stage involved a scenario approach that allowed
for an in-depth analysis in five key areas. As a result, scenarios for the first area were formed,
which demonstrate respondents’ attitudes toward Al and their readiness to implement it in
various spheres of life (Figure 6a). It was found that the “Cautious Attitude” scenario prevails
today, i.e., the majority of respondents (63.4146%, Figure 6b) admit the possibility of using Al
in certain areas, but subject to restrictions that will not allow crossing the line and replacing
humans in solving key tasks. The scenario “Acceptance of Al and high trust” is accepted by
30.4878% (Figure 6b) of respondents. That is, they have a positive attitude toward Al
integration and a high level of trust in its use in everyday life. Perhaps this is the asset that will
promote new technologies in the future. A total of 6.0976% (Figure 6b) of participants formed
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the “Skepticism and distrust” scenario, who see real threats from Al and therefore do not use
the relevant programs at all or use them occasionally.

Scenario Cluster

2.00 60 7.80% 0
LI

- 2

Acceptance_Trust
|

Caution

5.61% 55.61%

Scenario Indicators
Percentage of Total Respondents

p4.88%

Skepticism_Distrust
\

6.10%

| i .
0 1 Acceptance_Trust Caution Skepticism_Distrust
Scenario Cluster Dominant Scenario

a) b)

Figure 6. “Attitudes toward AI” scenarios: a) Scenario Profiles Heatmap; b) Distribution of Respondents by
Dominant Scenarios and Scenario Clusters. [Source: calculated by the authors]

According to each of the scenarios, the distribution of respondents by the use of Al
applications was determined (Figure 7). Thus, it can be seen that respondents in the “Al
Acceptance and High Trust” scenario use such applications more than participants in other
scenarios. At the same time, a small percentage fell into the category of those who do not use
any Al applications, which indicates either the insincerity of some respondents or that they
trust such programs completely, although they do not use them themselves, or use programs
that are not on the given list. The respondents in the “Skepticism and distrust” scenario fully
met expectations and still use such programs the least. It should be noted that the leadership
belongs to programs such as ChatGPT or Al-based recommendation systems, such as Netflix,
You Tube, Spotify.

Application_Voice assistants (e.g., Siri, Google Assistant, Alexa) - 0.4960 0.3962 0.2800
Application_Chatbots (e.g., customer support bots, personal assistants) - 0.3920 0.3462 0.2800 07
Application_Al-based productivity tools (e.g., Grammarly, Notion Al, Otter.ai) -

Application_Al-powered recommendation systems (e.g., Netflix, YouTube, Spotify)

Application

Application_ChatGPT or similar Al-powered language models

Application_Fer generating images, music, or peetry (e.g., DALL-E, Midjourney, OpenAl Jukebox) -

Application_I don't use any Al-powered applications 0.0080 0.0115 0.2800

i
Acceptance_Trust Caution Skepticism_Distrust
Dominant Scenario

Figure 7. Distribution of respondents by the use of Al applications depending on the dominant scenario.
[Source: calculated by the authors]
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The next group of scenarios is aimed at identifying the risks and threats associated with
the development of Al (Figure 8a).
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High level 21.22%

-20 10
of anxiety 2.0606 21257

7.07%

3.90%

1 2 Average level of concemn High level of anxiety Optimism regarding Al development
Scenario Cluster Dominant Scenario

a) b)

Figure 8. “Risks and Threats Related to AI Development” scenarios: a) Scenario Profiles Heatmap; b)
Distribution of Respondents by Dominant Scenarios and Scenario Clusters.
[Source: calculated by the authors]

It was found that about half of the respondents (53.6585%, Figure 8b) adhere to the
“Average level of concern” scenario, i.e., they are concerned about some aspects of Al
application and believe that threats should be controlled, but there is no need to stop Al
development. The scenarios “High level of anxiety” and “Optimism regarding Al
development” have approximately the same number of supporters - 23.4146% and 22.9268%,
respectively (Figure 8b). That is, some respondents consider Al a potential threat to society
and are fatalistic in this aspect. They expect negative consequences for the labor market,
deepening social inequality, increasing cyber threats, etc. On the other hand, some respondents
see the risks as insignificant or minimal and emphasize the opportunities of Al that will only
bring significant benefits to society.

Each of the identified scenarios of perceived risks and threats is characterized by the
following distribution of respondents (Figure 9).
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Threat_job loss due to full automation 0.8438 0.5213 I 08

- 0.7

Threat_Abuse of Al for hacking or criminal purposes - 0.5745

- 0.6

Threat_Loss of control over advanced Al systems - 0.3591 0.4896 0.2447

- 0.5

Threat_Use of Al for military purposes - 0.4000 0.5417 0.3404

Threat

- 04

Threat_Development of cognitive dependence on Al (development of digital cretinism) - 0.4000 0.5208 0.4894 _03

Threat_Devaluation of creative professions (poetry, painting, music, etc.) - 0.4227 0.6042 0.2872 0.2

0.1
Threat_There is no threat 0.0273 0.0104 0.0319 I

Average level of concern High level of anxiety Optimism regarding Al development
Dominant Scenario

Figure 9. Average risk perception by Al threats across dominant scenarios.
[Source: calculated by the authors]

Figure 9 shows that respondents in the “High level of anxiety” scenario have the highest
level of anxiety about all types of threats. They are especially worried about losing their jobs
due to automation, criminal acts involving Al, and the devaluation of creative professions.
Optimistic students are less likely to believe that Al poses a threat to humanity, but they are
also concerned about the growth of cybercrime and potential risks in the labor market.
Although this category of respondents is more favorable to Al, they are concerned about the
development of digital cretinism, which may result from the excessive use of Al in the process
of solving everyday tasks. Students in the “Average level of concern” scenario demonstrate a
balanced attitude toward risk perception, although they also identify threats of job loss and
cybercrime as critical to humanity.

The scenarios of Figure 10a describe the perception of the risks of unemployment and
social inequality due to Al. In this area, most respondents believe that society will still be able
to adapt to the changes initiated by Al, including through the adoption of appropriate retraining
programs by the state and the introduction of a universal basic income to support workers who
have lost their jobs due to automation (53.1707%, Figure 10b). The “Trust in AI” and “Risk
concerns” scenarios are characterized by approximately the same number of respondents -
23.9024% and 22.9268%, respectively (Figure 10b). That is, some respondents believe that the
introduction of Al will not lead to significant problems in the labor market and that its use will
improve the quality and productivity of labor and will not affect social inequality. Students
whose answers correspond to the “Risk concerns” scenario tend to believe that automation will
significantly increase unemployment, especially in some professions, including creative ones.
They are also most concerned about the possible growth of social inequality and the
concentration of technology in the hands of a small group.
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Figure 10. “Risks of unemployment and social inequality due to AI” scenarios: a) Scenario Profiles
Heatmap; b) Distribution of Respondents by Dominant Scenarios and Scenario Clusters.
[Source: calculated by the authors]

According to each scenario, the distribution of perceived risks to professions due to Al
was determined (Figure 11). Thus, according to respondents, office workers, programmers, and
creative industry workers were the most vulnerable. These professions are considered the most
risky in each of the three scenarios. Healthcare workers and teachers will be less affected by
the introduction of Al.

Profession_Drivers, transport industry - 0.3723 0.3716 0.3469

Profession_Office workers 0.7766 L o6

Profession_Medical workers

-0.5

Profession_Programmers -0.4

Profession

-03

Profession_Teachers - 0.2553 0.2248 0.2449
-0.2
Profession_Creative professions (musicians, artists, writers) - 0.4681 0.3853 0.3163
0.1
Profession_No professions are at risk 0.0106 0.0413 0.1327
Risk concerns Society adaptation Trust in Al

Dominant Scenario

Figure 11. Average risk perception by profession across dominant scenarios.
[Source: calculated by the authors]

What professional skills will be most important for keeping a job in the Al era?
Respondents who answered the “Trust in AI” scenario prioritized the ability to adapt and learn
new skills, critical thinking and problem solving, creative and innovative thinking, and
interpersonal communication (Figure 12). Respondents in the “Risk concerns” scenario also
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favored these four skills, although they still consider creative and innovative thinking to be the
most important (Figure 12). The social adaptation scenario demonstrates the greatest balance,
which is manifested in approximately the same frequency for all analyzed types of skills needed
in the future (Figure 12).

Skills_Programming

skills_work with data 0.4490

Skills_Creativity and innovative thinking -

-0.60

Skills

Skills_Interpersonal skills (communication, management) - 0.5638 0.5826 0.6429

-0.55

Skills_Adaptability and learning new skills - 0.5426 0.5734 0.7041

Skills_Critical thinking and problem-solving - 0.5638 0.5596 0.7143

| !
Risk concerns Society adaptation Trust in Al
Dominant Scenario

Figure 12. Professional skills preferences across dominant scenarios. [Source: calculated by the authors]

Figure 13a shows a heat map of scenarios related to Al regulation. 60.7317% of
respondents support the “Flexible regulation” scenario (Figure 13b). That is, they are not in
favor of strict measures in general, but they favor a gradual approach to restrictions and
adaptation of legislation to new conditions. They also believe that the state should be involved
in control, but the responsibility should be placed more on Al developers and corporations that
implement it (Figure 14). 27.8049% believe that the introduction of Al requires stricter
legislative measures and governmental actions (Figure 13b). At the same time, they are the
most likely to believe that there should be increased responsibility on the part of Al developers
and corporations (Figure 14). The “Rejection of regulation” scenario has only 11.4634% of
supporters (Figure 13b). Respondents support minimal government intervention and believe
that Al development should be regulated exclusively by the innovation environment. They also
place more responsibility on users of Al-based applications (Figure 14).
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Figure 13. “Al regulation” scenarios: a) Scenario Profiles Heatmap; b) Distribution of Respondents by
Dominant Scenarios and Scenario Clusters. [Source: calculated by the authors]
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Figure 14. Distribution of respondents' answers regarding responsibility for Al based on the dominant
scenario. [Source: calculated by the authors]

The last group of scenarios focuses on expectations about the development and capabilities of Al in the
future (Figure 15a). Supporters of the “Al will surpass humans” scenario were the smallest among all
(18.5365%, Figure 15b). They believe that Al will be able to surpass human intelligence and even become
self-aware in the future, will be able to make moral decisions, and will succeed in creative professions.
Almost the same number of respondents support the scenario “Limited capabilities of AI”” (40.9756%, Figure
15b) and “Al will not surpass humans” (40.4878%, Figure 15b). That is, some respondents believe that Al
will not be able to surpass human capabilities in the near future and will remain a tool of choice. The other
part is not so categorical and is of the opinion that Al will be able to enhance human capabilities in the
process of performing everyday tasks. Still, also in certain areas, it will be able to replace humans, albeit
with certain limitations.
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Figure 15. “Expectations for Al capabilities in the future” scenarios: a) Scenario Profiles Heatmap; b)
Distribution of Respondents by Dominant Scenarios and Scenario Clusters.
[Source: calculated by the authors]

DISCUSSION

Nowadays, digital transformations are a continuous process that cannot be stopped because
they are irrevocably changing our world. However, their speed can slow down under the
influence of various human needs and circumstances. Thus, the COVID-19 pandemic has
significantly affected the development of the digital transformation of small and medium-sized
enterprises in the manufacturing sector, but Bednarova et al. (2023) note their slowdown in
some spheres. Kuzior et al. (2023) believe that today the need for a reliable cyber security
system prevails over the active development and implementation of technologies, which may
indicate a gradual slowing down of this process over time. Despite this, Al has already filled
various niches and continues to actively enter everyday life. This study focused on the potential
risks that may arise because of robotics and the use of Al. Like the majority of respondents in
the conducted research, we should accept these risks as an integral part of intelligent
automation. But still, it is necessary to increase attention to measures to regulate IT issues and
avoid complications from this kind of threat. The opinions of many experts correlate with the
conclusions of this article.

Dotsenko et al. (2024) believe that a comprehensive approach is needed, which should
cover the development of security infrastructure, ethical and legal regulation. The obsolescence
of the legal framework can become a restraining factor not only for the development of digital
transformations but also for a secure environment for users (Maatallah, 2024). Therefore, the
improvement of legislative initiatives in the field of Al should be among the top tasks for the
governments of countries. Fiilop et al. (2023) believe that state regulatory bodies should be
more actively involved in ethical legislation in the field of Al. The transfer of technologies is
accompanied by significant risks, which require the development of an algorithm for their
management in a scientific and educational environment to overcome barriers and stimulate
the internationalization of technological exchange (Novikova et al., 2022). Informational
transparency and openness of Al development companies in the context of digitalization can
play a significant role in reducing Al risks (Lyeonov et al., 2023). Business managers must be
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ready for modern technological challenges, which require a new style of management and
leadership (Benchea & llie, 2023). Also, the synergy between knowledge management and Al
can ensure the correctness of management decisions to achieve the company's strategic goals
(Kuzior et al., 2024).

The organizations' adaptation to digital technologies is crucial, which will contribute to
the improvement of personnel management processes, attracting talent and increasing the
efficiency of companies' activities (Prokopenko et al., 2023). Bian & Wang (2024) confirmed
the existence of a relationship between employee motivation, their moral norms and moral
cognition and the use of Al in decision-making processes. Therefore, companies should pay
attention to the development of an ethics code to regulate these issues. Businesses that actively
use Al need new approaches related to compensation, corporate culture, training and identity,
which can reduce risks from Al in the future (Nufiez & Bolognesi, 2024). Measures are needed
to overcome the inequality between "worker-worker" and "worker-robot"”, which will help
reduce social tension over time (Ostapenko et al., 2024). In addition, user self-efficiency is a
vital aspect to consider when using Al-based programs (Holler et al., 2023). It should not be
forgotten that public awareness of Al risks can prevent many dangers for users (Wojciechowski
& Korjonen-Kuusipuro, 2023; Moravec et al., 2024). Therefore, governments should create
conditions for investing funds in educational activities to train specialists in such areas as cyber
security, data protection, Al, etc. (Koibichuk & Dotsenko, 2023).

Thus, a comprehensive approach, which will include measures of legal regulation, ethical
norms, improvement of educational programs, creation of new management approaches, and
transparency in the activities of Al development companies, are the considered steps that must
be taken now to prevent risks and threats that may arise from Al.

CONCLUSIONS

The rapid development of technology has influenced the introduction of Al in various spheres
of life. In addition to positive effects, this has led to the emergence of risks associated with its
use. The current state of affairs makes us wonder what will happen in the future: will robots be
able to replace humans? Can they become conscious? Will automation lead to a deepening of
social inequality? The authors tried to find answers to these and other questions among young
people and assess their perception of Al risks.

The first stage of the methodology, based on the survey data of students from three
countries, allowed us to assess the non-randomness of the answers to the questions, which was
confirmed by the Chi-squared test. The assessment of the strength of the connection between
pairs of questions revealed that the respondents’ affiliation with the respective country, the
frequency of their use of Al in everyday life, their level of trust in technology, their perception
of threats from Al in general, its impact on unemployment, social inequality in the future,
robots’ self-awareness, cyber threats, and the need for legal regulation and government control
are important.

Determining latent profiles at the second stage allowed us to identify three groups of
respondents whose formation was influenced by their geographical location. Respondents from
Poland and Ukraine are most likely to be members of the zero profile, which is more
characterized by pragmatism in perceiving threats from Al’s self-awareness, decision-making,
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or insurgency. They are aware of certain types of Al risks but do not overestimate them.
Students in this group support flexible government control that does not limit the development
of Al. The first, least numerous, latent profile was formed by skeptics, which includes mostly
Ukrainian students. They demonstrated a rather skeptical attitude toward threats from Al.
Respondents in this class do not believe that Al’s capabilities will allow it to surpass humans
in various fields, as they consider the development of technology to be insufficient for this.
Despite all this, they are also cautious about the use of Al and concerned about cybersecurity.
The probability of falling into the second profile for Spanish students is quite high. This group
is characterized by a cautious attitude to Al development, a high level of concern about
professional, social, and ethical risks, and a commitment to strict control to regulate these
issues.

The third stage of the research allowed us to create scenarios for five key issues. It was
found that respondents are cautious about the use of Al and are ready for its implementation in
various spheres of life. Regarding various types of risks and threats posed by Al, respondents
have a balanced strategy: they are concerned about some types of risks, support flexible control,
and believe that there is no need to stop the development of Al. Students are inclined to believe
that Al will not be a major threat to social inequality in the future and that the labor market will
be able to adapt to the changes initiated by Al. Still, respondents hope for protection from the
state through the adoption of appropriate retraining programs and the introduction of a
universal basic income to support workers laid off due to Al. The dominant scenario regarding
Al regulation was support for flexible state regulation measures that reduce risks for users and
do not reduce the level of innovation in technology. As for the future development of Al and
risks, two scenarios prevail. Students are of the opinion that Al will never replace humans, will
not gain consciousness, and will not lead to catastrophic events such as robot uprisings, etc.
The other group of respondents gives Al a certain chance to surpass human abilities, but this
can happen in certain areas and with certain restrictions. In general, the scenarios suggest that
young people mostly have certain expectations for Al in the future, although they are still
cautious about it. There are also groups of skeptics and those who are afraid of the risks posed
by Al, but this is most likely due to a lack of awareness of these issues, limited use of such
programs, and the cultural and legal peculiarities of the countries to which the respondents
belonged.

This research can play a significant role in the development of future strategies and policies
by government agencies, international associations, Al development companies, universities,
and NGOs. The fact that there is a certain level of distrust and cautiousness about Al among
young people suggests that they feel some anxiety about the future. Therefore, this opinion
should be taken into account to prevent situations that will lead to the complete replacement of
humans by artificial intelligence and robots in various spheres of life or even to a machine
uprising. By understanding how students perceive Al and understand the potential risks
associated with it, universities can adapt their curricula by adding relevant courses on Al ethics,
risk management, and legal frameworks. The results of the study can be used by the
government to improve state policies and strategies to develop appropriate restrictions on the
use of Al and its introduction into society. Taking into account the opinion of young people,
Al development companies can improve policies for the responsible use of Al by software
users with a focus on introducing more active security measures, limiting learning algorithms,
increasing the price of paid content, etc. International and non-governmental organizations can
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use the results of the study to form youth initiatives and organize public discussions on Al
risks. In addition to the above, this study has the potential to be expanded to include respondents
of different age groups and countries, which will allow for further consideration of the opinions
of a larger number of people.
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