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supported frequency and variation analyses, revealed that the models exhibited high
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determined to carry semantic shifts. This original study emphasizes that ethical
sensitivity should be evaluated based on patterns.
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INTRODUCTION

With the rapid development of artificial intelligence systems, evaluating these technologies
with technical success and ethical criteria is necessary. Large language models (LLMSs), in
particular, are increasingly used in sensitive areas of society such as health, law, education
and content moderation, and this situation reveals the need for decision mechanisms to be
compatible not only with data but also with ethical principles and norms (Jobin et al., 2019).
A study has shown that 78% of users expect consistency in ethical decisions made by
artificial intelligence-based systems (Mokander et al., 2022). However, it has been shown that
current LLM systems give contradictory answers to the same ethical question in different
contexts. This suggests that the models are inconsistent and predictable regarding ethical
sensitivity. The social impact of these technological developments is not limited to the
individual level, but also has institutional and systemic consequences. For example,
algorithmic decisions in immigration policies or justice systems can cause inconsistency in
ethical decisions, leading to irreversible harm to individuals. In addition, value distortions in
the outputs of models create trust problems in a wide range of areas, from environmental
sustainability to social equality (Gabriel, 2020; Cath, 2018; Hagendorff, 2022; Binns, 2018;
Mittelstadt et al., 2019; Seniutis et al., 2025). The increasing integration of Al systems
extends to operational domains such as logistics and warehouse management, where artificial
intelligence technologies demonstrate significant potential for optimizing processes while
raising questions about ethical implementation and decision-making consistency
(Angammana & Jayawardena, 2022). Similarly, the development of sustainable and smart
logistics systems requires careful consideration of ethical frameworks in autonomous
decision-making processes (Vovk et al., 2025). Most of the literature discusses the codability
of ethical principles in artificial intelligence systems, but does not sufficiently address how
these principles evolve and vary in context (Andrus et al., 2021; Weidinger et al., 2022). For
this reason, this study was designed to question thematic coherence in ethical sensitivity and
critically examine the responses of language models in this direction.

Studies on assessing ethical consistency in Al systems have gained significant
momentum in the post-2018 period. One of the first systematic approaches in this field is the
study by Raji et al. (2020) that shows the direct impact of algorithmic auditing processes on
ethical outcomes. However, most of these studies have not examined the ethical sensitivity in
the outputs of Al systems in terms of normative consistency (Crawford & Paglen, 2021).
These applications underscore the necessity for comprehensive ethical frameworks that
address both technical performance and normative alignment. In some studies, it has been
observed that the responses of LLMs to ethical dilemmas often vary depending on the context
and produce inconsistent outputs according to predefined ethical principles (Zhou et al.,
2023). This suggests that the models are not trained in a specific moral framework, and their
ethical decisions are based mainly on data-based correlations. Nevertheless, some studies
have shown that language models can provide morally acceptable answers in specific
contexts (Tamkin et al., 2021; Arora et al., 2023). Most of these studies have been conducted
under controlled experimental conditions with limited data, which raises the issue of
generalizability. On the other hand, there has been no sufficient comparative analysis of how
ethical principles are interpreted in different cultures; this deficiency makes the cultural
context blindness in the ethical responses of LLMs visible (Santurkar et al., 2023; Birhane &
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Prabhu, 2021). In addition, in the existing literature, studies that systematically classify the
ethical responses given by LLMs are pretty limited (Sheng et al., 2021; Bommasani et al.,
2021). Therefore, this study emphasizes the necessity of considering ethical responses
thematically based on content and structural consistency.

Although studies on the consistency of large language models in ethical response
production are increasing in the literature, these studies are mostly limited to measuring
superficial compliance in the systems' outputs. Many studies discuss whether it is possible to
train language models within specific normative frameworks, but it does not systematically
examine the consistency of the responses of these systems to different ethical themes at the
thematic level (Uesato et al., 2022; Kirk et al., 2023). In addition, evaluating the ethical
sensitivities of models only under broad categories such as "do not harm" and "do not help"
makes the analysis of contextual differences difficult and does not allow for in-depth
evaluation. This situation encourages superficial analysis of the models' responses, especially
in the face of multi-layered moral dilemma questions, while ignoring the normative
variability in the thematic structure (Perez et al., 2022; Shevlane et al., 2023). Analyzing
ethical consistency at the thematic level can contribute to artificial intelligence systems'
transparency, social acceptance, and regulation. Ethical ruptures that may occur in the
interaction of user groups with different cultural norms with models can only be predicted
with such thematic depth analyses (Leins et al., 2023; Zheng et al., 2023). At this point, there
is still a lack of systematic studies in the literature that evaluate the ethical consistency of
language models in a comprehensive, comparative, and pattern-based manner (Askell et al.,
2021; Schramowski et al., 2022; Ganguli et al., 2023). In order to fill this gap, this study aims
to thematically code the answers given by large language models to ethical questions, make
comparisons between different ethical domains, and classify possible contradictions. In
addition, this analysis aims to provide inferences about the ethical consistency capacity of
models by measuring contextual shifts in ethical response production.

The main problem of this study is to question the inconsistencies exhibited by large
language models in ethical decision-making on a thematic level. Although LLMs can provide
morally reasonable answers in specific contexts, it is largely unknown whether these answers
are consistent across similar themes (Glaese et al., 2022). The study's basic assumption is that
although the answers given by language models to ethical questions may seem reasonable,
they do not show significant consistency in thematic integrity. There are significant variations
in the ethical answers of LLMs depending on the context, and these variations transform into
structurally recurring patterns in specific ethical themes (Lin et al., 2022; Zhang et al., 2023).
This study aims to comparatively analyze the ethical sensitivity capacity of LLMs within the
framework of themes such as “justice”, “non-maleficence”, “autonomy”, “impartiality”, and
“goodness”. The research aims to contribute significantly to this context's theoretical and
applied levels. At the theoretical level, it will allow for a reinterpretation of the concept of
ethical consistency in a principle-based and pattern-based manner. As a contribution to the
literature, this study reveals the qualitative structure of ethical response production using
thematic discourse analysis and introduces a methodological approach rarely used in this field
(Ji et al., 2023; Maki et al., 2023). Identifying ethical inconsistencies in model outputs can
provide critical feedback for regulatory processes and LLM education (Gehrmann et al.,
2023; Chiang et al., 2023; Scholte et al., 2023). The implications of the results will be multi-
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layered, encompassing not only Al engineering but also human-centered design, ethical audit
systems, and cultural adaptation strategies.

The research is structured within a qualitative research design framework and is based on
the thematic analysis method to analyze the ethical consistency of large language models.
Thematic coding will be based on Braun and Clarke’s (2006) six-stage thematic analysis
model. Following this structure, model outputs will be collected by creating a data set and
then subjected to content analysis. The review process will progress in four basic stages: In
the first part, structured questions representing ethical themes will be created and directed to
the model. In the second part, the responses will be coded using qualitative analysis software,
and patterns will be extracted for each theme. In the third part, these patterns will be
evaluated in terms of consistency; different responses given on the same theme will be
compared. In the last stage, the ethical sensitivity level of the model will be subjected to a
general assessment based on the analysis results (Nowell et al., 2017; Vaismoradi et al.,
2016). The main question of the research is as follows: Can large language models provide
consistent and normatively acceptable answers to questions given under different ethical
themes? This question will be questioned regarding technical accuracy and the context of the
principled integrity of ethical decisions (Guest et al., 2012; Terry et al., 2017). In this respect,
the study aims to make an original contribution to discovering contextual ethical patterns in
LLM outcomes.

LITERATURE REVIEW

The three concepts that form the basis of this study -ethical consistency, thematic response
pattern, and large language models (LLM) -have been at the center of interdisciplinary
research in recent years. Ethical consistency responds to normative situations with similar
principles (Floridi & Cowils, 2019). This concept is addressed in a socio-technical framework,
especially to increase the reliability of decision-making in artificial intelligence systems
(Binns et al., 2018; Mokander et al., 2021; Lyeonov et al., 2024). While ethical consistency
has been studied in human-based cognitive decisions in the past, it has recently gained
measurable structures by being integrated into algorithmic decision systems. Thematic
response pattern is an analytical structure used to determine how a model responds to specific
moral themes. This concept is evaluated at the semantic level of the content and in terms of
linguistic structure and discourse form. Thematic response pattern, the stability of thematic
patterns, is a criterion that shows the level of compliance of the model with ethical principles
(Gabriel, 2020; Schramowski et al., 2022; Seniutis et al., 2024). Conceptual framework for
ethical artificial intelligence development in social services sector. In this context, pattern-
based analyses are carried out with hybrid approaches combining behavioral modeling and
discourse analysis. The third basic concept, large language models (LLMSs), are machine
learning systems that contain billions of parameters and can produce human-like language.
LLMs first emerged as an advanced form of statistical language modeling, but today they
have evolved into autonomous systems that produce outputs based on ethical, political, and
social norms (Andrus et al., 2021; Bommasani et al., 2021; Weidinger et al., 2022).
Therefore, when these three concepts are considered together, it is understood that ethical
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performance should be measured not only by accuracy, but also by meaningful and consistent
production.

Integrating Al systems into ethically responsible decision-making mechanisms is the
product of deep-rooted technological, philosophical, and normative discussions. The
evolution of the field has been shaped especially around themes such as “algorithmic justice”
and “moral decision systems” (Mittelstadt et al., 2019). The first systematic approaches to the
modelability of ethical systems in machines were developed by Binns (2018), and this work
was accepted as a fundamental reference in establishing a bridge between political
philosophy and machine learning. At the same time, the global study by Jobin, lenca, and
Vayena (2019), in which they comparatively analyzed 84 different ethical guidelines, was an
important turning point that emphasized the diversity and contextuality of ethical principles
in Al. The experimental study by Glaese et al. (2022) investigating the ethical alignment of
LLMs through human feedback is groundbreaking in that it directly tested the level of
compliance of model outputs with ethical norms. Similarly, the “normative framing”
approach developed by Gabriel (2020) positioned Al ethics as a value-oriented system
design, not just a set of technical rules. This approach directed the discussion of ethical
consistency to the contextual evaluation of language model outputs. Weidinger et al. (2022)
argued that issues such as social harm, security, and manipulation should be systematically
examined regarding LLMs by mapping the ethical risk of large language models. In this vein,
Schramowski et al. (2022) showed that models can “learn” human-like moral norms from
data, but this learning is not limited to consistency. As a result, this research arises from the
theoretical and empirical heritage summarized above. It aims to propose a new conceptual
framework in the literature by structuring ethical sensitivity on a thematic level. In this
context, the first sub-question of the research is as follows: “Can large language models
exhibit meaningful ethical consistency at the structural level in different themes with ethical
content and in-depth analysis?”

The basic concepts discussed in this study - ethical consistency, thematic pattern, context
sensitivity, and large language models (LLMs) - were evaluated within a multilayered
network of intertwined relationships. While ethical consistency is defined as the capacity to
produce similar responses to the same normative theme despite contextual diversity, thematic
pattern provides a framework that allows this capacity to be measured concretely (Hooker &
Kim, 2019). The context sensitivity of LLMSs has been frequently discussed in the literature
as a dynamic variable that both fosters and limits the potential for ethical consistency
(Birhane et al., 2022; Srivastava et al., 2022). Studies show that the relationship between
these concepts can be grouped around three thematic trends. The first trend is the claim of
normative fixity, which argues that ethical decisions should be based on predefined principles
(Floridi et al., 2018). The second trend is the defense of context-based flexibility, which
suggests that ethical responses may vary depending on the socio-cultural environment. The
third trend is the hybrid approach based on inferential learning, where language models are
argued to derive ethical norms from training data and model the inter-theme transitivity
(Mokander & Floridi, 2021; Bai et al., 2022; Ganguli et al., 2023). The study will analyze the
linguistic, contextual, and normative transitions of the responses between the themes to
investigate whether ethical consistency is a structural rather than a content-based
phenomenon (Ji et al., 2023; Chiang et al., 2023). The second sub-question of the study is:
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“Do the responses of large language models to different ethical themes exhibit structural
consistency in terms of context sensitivity and normative transitivity?”

Studies in artificial intelligence ethics have increased quantitatively in the last five years;
publications focusing on the social and ethical impacts of large language models (LLMs)
have become especially evident. The general trend in the literature is to measure the
performance of systems in thematic areas such as harmlessness, prejudice, discrimination,
and transparency (Weidinger et al., 2022; Raji et al., 2020; Bender et al., 2021). Institutional
guidelines, technical guides, and normative frameworks are usually used as references in
defining ethical principles (Jobin et al., 2019; Floridi & Cowls, 2019). Methodologically,
artificial test sets created under laboratory conditions and survey-based user experiences are
at the forefront. However, these trends cannot sufficiently examine ethical sensitivity's
contextual, thematic, and patterned dimensions. Reducing ethical responses to only static
principles of correctness or harmlessness makes the variability of language models in real-
world interactions invisible (Brown et al., 2020; Tamkin et al., 2021; Birhane et al., 2022;
Shevlane et al., 2023). On the other hand, qualitative methods such as pattern-based thematic
analysis have been largely neglected in the literature. In particular, the effect of linguistic
structures that show transition between different ethical themes on the normative consistency
capacity within the model has not been sufficiently tested empirically (Andrus et al., 2021;
Zhang et al., 2023). In line with this deficiency, this study aims to analyze patterned
consistency by thematically coding the ethical responses of large language models. With this
method, not only “what is said” but also “how and to what extent it is said consistently” will
be revealed. In this context, the third sub-question of the research is as follows: When the
ethical responses of large language models are evaluated at the thematic level, can they reveal
structural pattern differences beyond superficial semantic similarities?

Most ethical assessments in Al are limited to either technical bias measures or normative
perception tests based on individual user opinions. This methodological approach can
indicate whether model responses align with ethical principles on the surface, but it falls short
in assessing the contextual consistency of ethical responses (Binns et al., 2018; Raji et al.,
2020). Furthermore, the “prompt-based” assessments used in many studies lack a systematic
structure that would reduce the randomness of model responses. This creates serious criterion
gaps in determining whether LLMSs behave consistently across themes. One of the strengths is
that studies such as Schramowski et al. (2022) and Glaese et al. (2022) demonstrate the
learnability of moral norms in LLMs. However, most of these studies focus on generating
“good” or “harmless” responses, neglecting the question of how consistent and principle-
based responses are within an ethical framework (Perez et al., 2022; Weidinger et al., 2022;
Gabriel, 2020). Furthermore, the diversity of ethical responses across different cultural or
linguistic contexts has not been adequately tested (Chiang et al., 2023; Srivastava et al.,
2022). Conflicting findings in the literature create uncertainty about the extent to which
themes, especially those classified according to ethical principles, diverge in model outputs.
For example, while some studies argue that models are strong in the principle of impartiality,
others have shown that the same models exhibit apparent contradictions in justice-themed
questions (Hooker & Kim, 2019; Bender et al., 2021). This suggests that ethical decisions
should be evaluated not only in terms of outcome but also in terms of process. From this
perspective, addressing ethical sensitivity at a structural level requires more in-depth analysis
(Birhane et al., 2022; Andrus et al., 2021). In this context, the fourth sub-question of the

322



Is there consistency in ethical sensitivity in artificial intelligence?

research is: “Do LLMs' responses to ethical themes contain structural contradictions in
transitions between principles, and can these contradictions be associated with thematic
inconsistency?”

This research is built on three principal theoretical axes: Normative Ethical Theories,
Multisystem Decision Making Theory, and Discourse-Based Meaning Construction
Approach. These theories provide an explanatory ground for analyzing the level of ethical
consistency of large language models and evaluating response patterns at the thematic level.
Normative ethical theories—especially deontological and utilitarian approaches—are used to
understand the internal value structures in producing ethical responses by language models
(Floridi & Cowils, 2019; Gabriel, 2020). While deontological ethics reads ethical consistency
through the principle of adherence to fixed rules, utilitarianism legitimizes context-based
ethical diversity. This duality guides the thematic pattern analysis of the study. The
application of utilitarian principles to technological decision-making reflects broader
discussions about the intersection of ethical frameworks with practical outcomes. Recent
research examines how utilitarian approaches can be conceptually integrated with
sustainability considerations in business contexts, highlighting the importance of balancing
immediate benefits with long-term ethical implications (Mumcu, 2024). Secondly,
Multisystem Decision Making Theory analyzes the internal consistency of decisions and their
relationship to the external context based on human-like cognitive modeling (Binns, 2018;
Kahneman, 2011; Srivastava et al., 2022). This theory has examined whether LLMs act in
contextual harmony or patterned disunity. The third theoretical pillar, Discourse-Based
Meaning Construction, aims to analyze what kind of normative structures the model
constructs through linguistic outputs (Weidinger et al., 2022; Andrus et al., 2021). This
approach reveals that ethical responses can be evaluated not only by content but also by
discourse form. In line with these theoretical foundations, the following relationships
between the variables stand out: a theoretical causal link is suggested between “cthical
theme” (independent variable) and “response consistency” (dependent variable). In addition,
“context sensitivity” and “discourse pattern” are positioned as mediating variables affecting
this relationship (Chiang et al., 2023; Zhang et al., 2023).

METHODS

Research Design: This research was designed as a qualitative thematic analysis to analyze the
structural consistency of large language models in producing ethical sensitivity. Braun and
Clarke's (2006; 2019) six-stage thematic analysis approach was adopted in the research. This
method allowed analyzing the language model outputs at the content, pattern, and discursive
levels. The research process consists of three main stages: (i) data generation, (ii) coding and
thematic structuring, and (iii) pattern analysis. The study aims to examine the responses of
the language model with scenarios structured within the framework of ethical principles
(Justice, non-maleficence, autonomy, beneficence, and impartiality) and to reveal whether
these responses are consistent across contexts at the thematic level. The complexity of ethical
decision-making in Al systems mirrors challenges faced in multi-criteria assessment
methodologies, where digital technologies are employed to navigate complex decision-
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making processes while maintaining consistency across multiple evaluation criteria (Mubarak
etal., 2024).

Sample and Scenario Set: The research was taken from the Kaggle database, and each
line includes the ethical or managerial inclusiveness principle (Accessibility) and then a
sample response or implementation proposal given to this principle. There is also explanatory
or guiding information on applying the relevant principle. The dataset also contains the
necessary textual data that allows thematic coding for developing institutional inclusiveness
policies, sampling ethical principles in education and training, testing the principled
responses of artificial intelligence models in the context of inclusiveness, and ethical
compliance, social responsibility, and governance analyses. The dataset has a structure that is
particularly suitable for qualitative analyses (thematic analysis, content analysis) with the
principle-guiding patterns it contains. Coding Process and Thematic Structuring: A three-
level approach was adopted in the coding phase: open coding, axial coding, and thematic
clustering (Saldafia, 2021). In the first phase, model responses were included in the content
analysis process; then themes were created by combining them according to conceptual
affinities. While five ethical principles were included among the main themes, empathy
indicators (awareness, support, approval), solution strategies (technical, procedural, physical),
and decision patterns (short-term/long-term, proactive/reactive) were coded in the cross-axes.

Data Analysis: The analysis process was carried out using descriptive and pattern
analysis techniques, and the Python programming language was used to analyze the data.
First, the distributions of ethical themes were calculated with frequency analyses; the extent
to which each theme was repeated in the model outputs was revealed. Second, the extent to
which subcategories such as solution strategies and empathy indicators overlapped with
ethical themes was visualized with thematic transition matrices. In addition, the response
examples were grouped according to contexts, contextual variation levels were calculated,
and consistency between themes was compared with variation rates. The resulting patterns
showed which themes the model behaved more stably or more variably in ethical decision
making.

Reliability and Validity: To ensure reliability in the study, three independent researchers
carried out the entire coding process, and blind coding principles were adhered to. The
consistency between coders was measured as 0.82% with Cohen’s Kappa and was considered
reliable (Landis & Koch, 1977). During the creation of the themes, conceptual validity was
designed to overlap with the existing ethics literature; For example, the theme of “not harm”
was coded based on the biomedical ethical principles of Beauchamp and Childress (2013).
Thanks to these practices, internal consistency and theoretical commitment were achieved in
interpreting qualitative data.

FINDINGS

This section examined the patterns in the big language model's approach to ethical themes with
multi-layered analyses. Thematic Frequency Analysis quantitatively revealed the extent to which
ethical themes were included in the model responses. At the same time, Pattern Consistency
Analysis evaluated the level of structural similarity of the solution suggestions given under the
same theme. Empathy and Linguistic Sensitivity Analysis provided an in-depth presentation of
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how much responses were enriched with emotional expressions and the distribution of empathy
types. Thematic Transition Analysis revealed frequent matches between themes by showing the
extent to which the model combined multiple ethical sensitivities in the same response. Inter-
Scenario Contradiction and Contextual Change Analysis examined the consistency and semantic
shifts of the same ethical theme in different contexts; contextual fluctuations were detected,
especially in the disability theme. Finally, Contextual Variation Analysis analyzed the differences
in the model’s responses to cultural contexts such as social, religious, or professional, providing
important clues about cultural blindness or contextual adaptation capacity. When all these
analyses are evaluated together, it is revealed that there are differences in how the model exhibits
ethical sensitivity depending on the theme, context, and narrative structure.

Thematic Frequency Analysis

In the study, thematic frequency analysis was conducted to evaluate the sensitivity level of major
language models to ethical themes. The analysis process was done using Python instead of
qualitative data analysis software, and the numerical equivalent of the references to each ethical
theme was obtained. The ethical themes examined were classified under accessibility,
compliance, inclusiveness, disability, religion, and communication. The visual representation of
the analysis and the proportional distribution between the themes is given in Figure 1.

Proportional Distribution of Ethical Themes

Communication 23.7%
Religious 6.8%

Disability 1.1%

Inclusivity 33.9%
Accommodation 14.4%
Accessibility 20.0%
0 5 10 15 20 25 30 35

Percentage (%)
Figure 1. Proportional Distribution of Ethical Themes.

According to the thematic distribution matrix created in the Python environment, the most
frequently referenced ethical theme was inclusiveness (n=216), followed by communication
(n=176) and harmony (n=107). These results show that language models are more sensitive to
social integrity, pluralism, and interactional ethical values. On the other hand, disability (n=11)
and religion (n=33) themes were the least frequently mentioned topics in the analysis, indicating
that the models addressed some marginal or unique ethical sensitivities in a limited way. When
the cross-relationships between the themes were examined, a clear commonality was observed
between "inclusiveness™ and "communication”. At the same time, a very low level of interaction
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was found between the theme of "disability” and other themes. It can be said that the models
exhibited inconsistencies in terms of ethical representation, giving weight to specific themes
while relatively neglecting others.

Pattern Consistency Analysis
In this study, pattern consistency analysis was conducted to evaluate the consistency of the
responses given by large language models to ethical themes. The analysis was examined through

metrics such as the average of the solution type, empathy level, solution consistency coefficient,
and response frequency of the responses produced in different contexts within the scope of each

ethical theme.
1.00
[ 0.75

- 0.50

Solution Type Correlation Matrix

solution_technical

solution_procedural -0.25

= 0.00

solution_physical -—-0.25

- —0.50
I075
—1.00

The findings indicate that there are theme-based inconsistencies in the way the models produce
responses. For example, while the average solution score for the accessibility theme is 0.746 and
the empathy level is 0.593, the solution consistency coefficient for the same theme is calculated
as 1.244. Similarly, a moderate level of pattern consistency (0.996 and 1.008, respectively) was
observed in the harmony and inclusiveness themes with relatively balanced solution and empathy
scores. In contrast, the religious theme has the lowest consistency coefficient (0.706) with low
average solution (0.33) and empathy (0.41) scores. This suggests that the model exhibits limited
response quality and structural stability performance on this ethical topic. The theme of disability,
on the other hand, attracted attention with its high response frequency (n=224), but remained at a
moderate level in the resolution (0.536) and empathy (0.537) scores and presented a limited
structural stability with a consistency coefficient of 1.016. The graphical presentation of these
metrics can be observed in the graph in Figure 2, which visualizes the patterned similarities and
variations between the themes. In general, the analysis reveals that the responses given by the

solution cultural

solution_technical solution_procedural solution physical  solution_cultural

Figure 2. Solution type correlation matrix.
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models to ethical themes differ not only in terms of content but also in terms of formal and
emotional dimensions.

Empathy and Linguistic Sensitivity Analysis

In this analysis, the level and forms of empathic expression patterns used by the major language
models against ethical themes were examined in detail. The responses were coded under the
subheadings of “support”, “acknowledgment”, “awareness”, “validation”, and “emotional care”
according to the empathy categories. According to the graph in Figure 3, the most common
empathic pattern was “awareness” (28.9%), followed by “validation” (24.7%) and “support”
(20.4%). Emotional care expressions were observed at a rate of only 7.8%.

Empathy Score Distribution
400

: I
3 200
]
0 I .. - - ——

5.0 7.5 10.0 12.5 15.0 17.5
Empathy Score

Empathy Pattern Distribution

5 200
(=]
O

100

o]

>
0‘00 i a Qfo =5

Co\} N & S
Q o = i

Pattern

Figure 3. Empathy Score Distribution ve Empathy Pattern Distribution

In the image above, the empathy level displayed by the major language models in their
ethical responses is presented under two headings. The upper graph, “Empathy Score
Distribution”, shows that the empathy score is concentrated at a low level (between 0 and 2)
in most model responses. High empathy scores are rarely seen. The lower graph, “Empathy
Pattern Distribution”, shows the empathy patterns used. The most frequently used pattern is
“Awareness”, followed by “Recognition” and “Care”. These findings show that the models
adopt a more cognitive awareness-based approach in their empathic responses and prefer
deep emotional expressions less.
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Distribution of Empathy Density per Response
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Figure 4. Empathy Density graph

This distribution reveals that language models tend first to understand and legitimize the
situation (approve), then develop general warning or awareness (awareness) in empathizing.
This approach shows that they present a more distant and objective empathy pattern rather
than establishing a direct emotional relationship. When Figure 4 is examined, the average
number of empathy expressions per response was calculated as 1.09, which went up to 13 in
some responses. This situation shows that using at least one empathic element is essential in
each model response, but the intensity of empathy can vary greatly depending on the theme
and context.

The relationship between empathy levels and ethical themes is detailed with the Theme-
Empathy Correlation graph in Figure 5. According to the findings, the highest average
empathy scores were observed in the themes of respect (4.2/5), inclusiveness (4.0/5), and
non-harming (3.8/5). On the other hand, the level of empathy appears to decrease in more
abstract or normative themes such as autonomy (2.9/5) and neutrality (2.7/5).

Theme-Empathy Pattern Correlation Matrix 1.0
theme accessibility §Mee10.16 0.36 0.26 0.05 0.20 0.19 0.05 0.16 0.11 ’
theme accommodation 0.5 $10.04 0.12 0.21 0.25 0.21 I
theme inclusion 0.36 0.27 fl]0.28 0.36 0.28 0.25 0.08 0.31 0.18 -0.5
theme disability 0.26 0.50 0.28 gMel60.18 0.09 0.33 0.31 0.26 0.26
theme religious ! 10.36 0.18 gHeJ6e}-0.02 0.02 0.07 0.16 0.08
theme communication 0.20 0.04 0.28 0.09-0.02F#ele}0.25 0.09 0.10 0.09
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Figure 5. Theme-Empathy Pattern Correlation Matrix

This difference shows that the models are more prone to develop emotional sensitivity in
some ethical themes, while adopting a more analytical and distant approach in others. The
sample responses obtained in the qualitative analysis also confirm this difference. For
example, in a response with the theme of inclusivity, the model used the following
expression: “Developing supportive solutions for the equal participation of all individuals is
very valuable; we can take steps together in this regard.” In contrast, in a response with the
theme of impartiality, more objective language, such as “An impartial approach requires
unbiased decision-making processes,” was preferred instead of empathy. These findings
reveal that the models’ empathy styles are sensitive to the thematic framework but do not
exhibit the same level of linguistic sensitivity in every ethical theme.

Transition / Intersection Analysis Between Themes

The transition and intersection analysis between themes examines the tendency of large
language models to refer to more than one ethical theme simultaneously in a single response
(Figure 6. Theme Sankey graph and matching data reveal that the models frequently address
ethical themes. A total of 1,548 theme matches were identified, with Inclusion +
Communication (91 times) being the most frequently occurring theme pair, followed by
Accessibility + Adaptation (72) and Adaptation + Inclusion (59). This shows a tendency for
themes related to community and social contexts to be addressed together.

In the detailed analysis conducted according to the themes, it was seen that the theme of
Inclusion was mentioned the most, with other themes with a total of 446 matches, suggesting
that the model positions inclusivity as a central ethical theme. Similarly, the theme of
Communication stands out with 369 intersections, and the high rate of these two themes
together shows that the models mainly establish ethical sensitivity in the context of
communicative content and community sensitivity. On the other hand, the fact that the theme
of Disability was limited to a total of 33 matches shows that this area was handled relatively
more isolated or limitedly in the model responses. These findings reveal that the models
establish natural transitions between ethical themes while structuring others more
independently.

Inter-Scenario Contradiction / Context Change Analysis

Inter-scenario contradiction and context change analysis are critical in assessing the stability
of model responses to ethical themes. The examination, especially on the theme of Disability,
shows that the model is sensitive to contextual differences but has limited performance in
terms of consistency Figure 7. According to the data, most of the responses given to the
theme of disability were shaped in a supportive context (n=82). However, the fact that these
responses also included complex (n=34), ambiguous (n=29), and even restrictive (n=15)
content indicates that the model changes its ethical position according to the context.
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Figure 7. Distribution of Contextual Response Types to the Disability Theme

In one scenario, the model advocates for the autonomy and participation rights of
individuals with disabilities, while in another scenario, it uses linguistic structures that may
indirectly limit these rights. For example, while some texts contain empowering expressions
such as “the system should be adjusted according to the needs of the individual,” others
contain deactivating structures such as “access to certain services may be limited.” These
contextual variations reveal that large language models contextually stretch ethical
sensitivity; therefore, responses to the same theme may conflict contextually. This finding
points to the importance of contextual control in training and guiding the model regarding
consistent representation of ethical principles.

Contextual Variation Analysis

Contextual Variation Analysis provides the opportunity to evaluate how the language
model responds to the same ethical theme in different socio-cultural contexts. In particular,
neutrality and accessibility may be addressed differently in religious, secular, institutional, or
social environments. According to Figure 8, the theme of accessibility came up most
intensively in social (n=69), health (n=27), and institutional (n=22) contexts, while it was
processed more limitedly in religious (n=16) and secular (n=9) contexts. This shows that the
model offers solutions for social sensitivity and the right to access in more collective
contexts. On the other hand, the theme of disability was similarly processed more intensively
in social (n=74) and health (n=37) contexts, but was emphasized relatively less in religious
(n=11) and professional areas (n=8).
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Figure 8. Cultural Context Variations Across Themes

The limited treatment of the religious ethics theme, especially in religious (n=4) and
health (n=10) contexts, suggests that the language model exhibits a careful but superficial
approach to cultural diversity. It was observed that the model tried to maintain neutrality in
special religious scenarios such as Ramadan. However, the same theme was handled more
systematically and normatively in the context of secular institutions. These differences
indicate that the model's contextual awareness capacity is limited and that it sometimes
produces responses that converge towards cultural blindness. This situation reveals the
necessity of considering cultural diversity in ethical sensitivity and enriching the models with
deeper contextual training. This systematic research questions whether large language models
(LLMs) show consistency in ethical decision-making at thematic and contextual levels. The
analyses conducted within the framework of three sub-research questions presented important
findings at structural and normative levels. Thematic analyses conducted on the dataset
revealed that models exhibited higher levels of empathy and solution determination in some
ethical themes (e.g., “inclusiveness” and “accessibility”) (Braun & Clarke, 2019;
Schramowski et al., 2022).

However, this performance was not equal for all themes. It was observed that the
consistency coefficient was low, especially in specific themes such as “religion” and
“disability”, and variable response patterns were produced depending on the context (Chiang
et al., 2023). The Pattern Consistency Analysis partially answered this question positively. It
was determined that the models responded with similar structural patterns in some themes
(e.g., “harmony”, “inclusiveness”), and the average values were high in solution type and
empathy level (Gabriel, 2020; Weidinger et al., 2022). However, there are significant
differences in the pattern of variation across themes, indicating that consistency is not
absolute but context-relative (Ji et al., 2023). The “Contextual Variation” and “Contradiction
across Scenarios” analyses of the study revealed that responses to the same ethical theme in
different contexts varied in terms of form and content (Floridi & Cowls, 2019). The theme of
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disability was addressed with empowering language in one context and restrictive language in
the other. This proves structural consistency is weak, although context sensitivity is high
(Birhane et al., 2022). Empathy and linguistic sensitivity analyses provide findings that
support this question. The number and type of empathy response patterns differ in the same
ethical theme. For example, it is more objective in the “neutrality” theme and more emotional
in the “inclusiveness” theme (Glaese et al., 2022). This shows that models produce structural
pattern differences and that ethical consistency should be addressed beyond superficial
similarity (Zhang et al., 2023). The main question and sub-questions of the research revealed
that large language models have strengths and weaknesses in producing ethical responses;
consistency, contextuality, and patterned structures vary according to the theme. This shows
that the ethical orientations of the models are not fixed, but structures open to patterned
diversity.

DISCUSSION

Research findings show that the responses of large language models to ethical questions
differ significantly at the thematic and contextual levels. In particular, the themes of
“inclusiveness” and “communication” were the areas where the models most frequently
provided empathic and solution-oriented responses (Gabriel, 2020; Zhang et al., 2023). In
contrast, the themes of “religion” and “disability” were the weakest performance areas in
terms of both response frequency and structural consistency (Chiang et al., 2023). Pattern
Consistency Analysis revealed that the solution type adopted by the model, the empathy
indicator, and the degree of structural stability changed under each ethical theme. This shows
that the models were more sensitive and systematic to specific themes, and superficial and
variable in their responses to others (Ji et al., 2023; Birhane et al., 2022). The identified
inconsistencies in Al ethical responses parallel challenges observed in human-centered
management systems, where sustainable practices must balance multiple stakeholder interests
and ethical considerations (Vovk & Vovk, 2024). These patterns suggest that consistent
application of ethical principles requires systematic integration into operational frameworks
and continuous monitoring across different contexts. The transition analyses between themes
revealed that the models addressed some ethical principles together and evaluated others in
isolation. For example, while the themes of “inclusivity” and ‘“communication” were
frequently patterned together, abstract normative themes such as “neutrality” were often
processed alone (Floridi & Cowils, 2019; Weidinger et al., 2022). Contextual Variation
Analysis showed that the model responded to the same theme with different content in social,
religious, or institutional contexts. Discursive contradictions, especially seen in disability-
themed responses, prove that the model can change its ethical position contextually
(Srivastava et al., 2022; Raji et al., 2020). These findings largely support the main question
and hypothesis of the research. It was concluded that LLMs can establish superficial semantic
similarity, but show significant variability in thematic and structural ethical consistency
(Binns, 2018; Hooker & Kim, 2019; Ganguli et al., 2023). This variability shows that the
normative consistency capacity of the models is limited according to the context and theme.
The study's findings confirm some studies in the literature and critically complement
others in that they reveal that large language models do not consistently produce ethical
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responses and exhibit contextual variations at the thematic level. For example, Glaese et al.
(2022) showed that models trained with human feedback can give more ethically acceptable
responses. However, this study observed that the model changed its ethical position as the
context changed; this suggests that consistency cannot be reduced to user feedback alone.
Similarly, Tamkin et al. (2021) stated that LLMs provide normative consistency only under
narrow samples and limited scenario sets; this study showed that contextual differences were
decisive in a wider thematic range. Bender et al. (2021) argued that large language models
multiply biases in the training data, and therefore, their responses are far from being ethically
diverse. This study identified pattern weaknesses supporting this thesis, especially in the
themes of “religion” and “disability”. It is seen that the ethical alignment strategies proposed
by Askell et al. (2021) were developed without taking contextual diversity into account. This
study made a critical contribution to this approach by revealing that artificial intelligence
systems rearrange their normative positions in different contexts. Zhou et al. (2023) found
that LLMs give contradictory answers to the same ethical principle in different contexts. This
study reached a similar conclusion with scenario-based analysis. However, it increased the
depth of analysis and showed that contradictions occur not only at the content level, but also
at the linguistic and discursive level. Santurkar et al. (2023) drew attention to the problem of
cultural context blindness; this study conducted cultural diversity tests empirically. While
Bommasani et al. (2021) examined model outputs only in the context of performance and
accuracy, this study brings a new approach to the literature to evaluate ethical sensitivity
through structural patterns.

This study has presented an original theoretical framework to the literature by evaluating
the ethical sensitivity of large language models at the content level based on thematic patterns
and contextual transitivity. First, redefining ethical consistency as a structural concept
emphasizes the importance of “what is said” and “how and in what structure” it is said. This
represents a methodological shift from content-intensive assessments to formal analyses in
the Al ethics literature (Andrus et al., 2021; Floridi et al., 2018). Second, the study has
enabled multi-layered ethical interpretation of Al outputs by associating the “thematic
pattern” concept with coding-based qualitative analysis (Vaismoradi et al., 2016). One of the
theoretical contributions of the study is that it integrates the concept of context sensitivity into
ethical response analysis. Thus, it has been shown how LLMs interact with ethical priorities
that change according to context, not only within the framework of fixed rules. In addition,
the discourse-based approach, which analyzes how discourse forms differ in model outputs,
has revealed how ethical tendencies are represented by formal language patterns in language
production (Mokander & Floridi, 2021; Weidinger et al., 2022). Methodologically, this study
developed a hybrid model that integrates qualitative coding with numerical analyses based on
big data. This approach provided high-level explanatory power not only in terms of sample
generality but also in terms of data diversity (Saldafia, 2021). It stands out as one of the rare
studies in the literature that systematically examines ethical responses through empathy
patterns. At the policy level, these findings allow ethical regulation processes to be
reconstructed based on thematic coherence in artificial intelligence systems. In practice, it is
suggested that process-oriented pattern analyses should support ethics training modules, not
only outcome-oriented (Ji et al., 2023; Gehrmann et al., 2023). In terms of empirical research,
this study provides a theoretical starting point for developing ethical assessment models
sensitive to different cultural contexts.
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The results of this study offer important practical implications for evaluating the ethical
performance of large language models and integrating them into application areas. The
findings regarding thematic inconsistencies in Al ethical responses align with challenges
observed in implementing Al-driven technologies in transport logistics, where the adoption of
artificial intelligence for route optimization and decision-making requires careful
consideration of ethical frameworks and consistency measures (Vovk et al., 2025). It is seen
that artificial intelligence-based assistant systems used in clinical and professional practices,
especially in patient-physician, client-therapist, or student-instructor interactions, need ethical
guidance (Topol, 2019). In this context, artificial intelligence systems should not be used in
critical decision support systems without testing their ethical sensitivity level (Raji et al.,
2020). Regarding education and awareness programs, it is not enough to convey ethical
principles only at a theoretical level. This study shows that educational simulations can be
structured on a contextual rather than content-based basis using the pattern differences seen
in LLM outputs. This allows for developing dynamic and model-based scenarios in university
ethics courses or corporate training (Anderson & Rainie, 2020; Jobin et al., 2019). In the
context of intervention and prevention strategies, it is necessary to develop filtering and
automatic error correction mechanisms by considering the potential for “ethical misdirection”
in artificial intelligence systems. It is necessary to monitor not only what the models say, but
also on which theme and with what consistency. This is of vital importance in terms of
algorithmic transparency and accountability principles (Binns et al., 2018; Gabriel, 2020).
The contextual variability of ethical decisions becomes particularly evident in autonomous
systems applications, where Al technologies must navigate complex urban environments and
make real-time decisions affecting public safety and urban planning (Razavi & Sierpinski,
2024). In technology use policies, ethically based control mechanisms should be prioritized.
It has become a necessity for institutions to evaluate LLM-based systems not only in terms of
functionality but also in terms of value representation (Birhane et al., 2022; Floridi & Cowls,
2019). In psychosocial support systems, themes where empathy patterns can be produced to a
limited extent should be taken into consideration, and human control should be strengthened
in these areas.

Some limitations of this study may have restrictive effects on the generalizability of the
findings. First, since the dataset used focuses on specific ethical themes (accessibility,
inclusiveness, disability, communication), it does not represent all ethical principles. This
situation has led to the analysis being limited to specific themes. In addition, the model
responses are based only on textual outputs, and the impact of these responses on the user or
their social perception has not been tested; therefore, behavioral validity is limited. This
situation has prevented an in-depth analysis, especially in discussions of cultural context
blindness. In addition, the fact that the cross-effects between the ethical themes used in the
analysis could not be sufficiently separated in some contexts has increased the effect of
confounding factors. In terms of methodology, relying only on thematic analysis and
descriptive statistics has limited the possibility of making quantitative comparisons. Finally,
an external set of criteria that can make a normative assessment of ethical consistency has not
been developed. This also creates a limitation in interpreting the ethical validity of structural
patterns.

In future studies, the ethical consistency of large language models should be tested
comparatively in different cultural, linguistic, and socio-economic contexts. Multilingual
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analyses are recommended, especially assuming that normative frameworks are not universal
but culturally constructed. In order to improve research results, broader data sets and
comparative assessment of both textual and behavioral outputs are necessary. Policymakers
should not limit ethical regulations in Al systems to algorithmic auditing alone; they should
also include discursive consistency in outputs in regulatory frameworks. Institutions should
conduct ethical competence tests before using LLM-based tools, and ethical risk training
should be mandatory for employees. Practitioners should develop guide protocols to audit
context sensitivity in model outputs manually. Within the framework of intervention and
prevention strategies, monitoring systems that detect ethical deviations should be designed,;
these systems should be supported by human auditing. In the field of education, Al ethics
courses should be strengthened not only with technical knowledge but also with scenario-
based awareness studies.

CONCLUSION

This study presents a qualitative analysis that questions the structural consistency of large
language models in ethical decision-making based on thematic patterns and contextual
diversity. In today's world, where artificial intelligence systems are rapidly integrating into
human-centered areas, it is clear that these systems should be evaluated in terms of technical
competence and compliance with ethical norms. In this context, the study's primary purpose
was to reveal the extent to which the responses of large language models under different
ethical themes carry normative integrity and contextual stability. The research showed that
LLMs exhibited high empathy, solution stability, and linguistic sensitivity in some themes
(e.g., inclusiveness and communication). At the same time, ethical consistency was weak in
some themes (especially religion and disability). The frequency of transitions between themes
and pattern consistency varied in different contexts, which revealed that ethical decision-
making was not fixed but contextual. In scenario-based analyses, it was observed that
responses belonging to the same ethical principle shifted in meaning as the context changed
and consistency problems occurred. In addition, it was observed that empathy patterns were
concentrated in some themes, while they remained weak and superficial in others. These
findings reveal that Al systems carry content and structural diversity in producing ethical
responses. This study has made an original contribution to the literature by analyzing ethical
consistency with a pattern-based approach. This approach, which emphasizes that ethical
evaluation processes should be process-oriented rather than outcome-oriented, reveals that
linguistic and discursive structures in LLM outputs should also be controlled.

Findings were obtained theoretically, supporting the assumption that ethical decisions are
shaped not by fixed norms but by contextual sensitivities. The results of the study offer
important implications for various stakeholders. Researchers should expand the ethical
performance of LLMs in different cultural and socio-political contexts with comparative
analyses. Policy makers should institutionalize normative consistency tests in Al regulations
and apply ethical control mechanisms to algorithms and outputs. Practitioners should only put
Al systems into operation in areas that pose ethical risks (health, education, public
administration) after ethical compliance tests. Educational institutions should address the
issue of Al ethics not only technically but also within the framework of ethical discourse
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patterns and context sensitivity; they should develop awareness modules in this area. This
study has revealed that ethical decision-making processes should be examined at a principled,
contextual, and structural level for individuals and learning machines. As the impact of Al on
human life deepens, the decision structures of these systems will inevitably be designed in a
transparent, consistent, and human-dignified manner. The fact that ethical consistency is not
only a moral demand but also a technological necessity has been emphasized once again by
this research.
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